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ABSTRACT 2 USAGE

This submission to the MIREX 2009 Audio Similarity ~To extract the features: o .
Task is a variant of the algorithm described in [1]. For extract features ps09(infile, tnpdir),
comparison to the MIREX 2007 Audio Similarity Task, Wherei n_fil e is a text file containing the full path to a

also the 2007 algorithm is re-submitted, which ranked first wav file in each line.t np_di r is a directory where the
in 2007. algorithm has write access. In this directory, the extiécte

feature data is stored.
To calculate the distances:
1 BRIEF DESCRIPTION cal c_cl osest ps09(tnpdir, out_file),

wheret np_di r is the directory where the feature data
This abstract only contains a brief description of the algo- was stored (i.e., the same directory as in previous call to
rithm components. A more detailed description is planned feature extraction routine), amdit f i | e is the name of
in the final version of this abstract. The algorithm has two the file into which the distance matrix should be written.
major components which are weighted equally (ie.}), Most entries will banf, except about00 entries per line.
arhythmcomponent and dimbral” component.
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