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ABSTRACT

In extended abstract describes the MIREX 2015 submis-
sions for onset detection, beat tracking and tempo estima-
tion.

Reference implementations of the algorithms are avail-
able at https://github.com/CPJKU/madmom.

1. ONSET DETECTION

1.1 SB2

The OnsetDetector.2015 is an improved version of the sys-
tem introduced in [8].

1.2 SB3

The OnsetDetectorLL.2015 is an improved version of the
system introduced in [1] with updated peak-picking param-
eters.

1.3 SB4

The SuperFlux.2015 is an improved version of the system
introduced in [7] with updated peak-picking parameters.

1.4 SB5

The ComplexFlux.2015 is an improved version of the sys-
tem introduced in [6] with updated peak-picking parame-
ters.

1.5 BK7

The LogFiltSpecFlux.2015 is an improved version of the
system introduced in [2] with updated peak-picking param-
eters.

2. BEAT TRACKING

2.1 BK1

The DBNBeatTracker.2015 is an improved version of the
system introduced in [3], without the multi-model selec-
tion stage. It uses neural network models trained on a
broader range of music styles.
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2.2 BK2

The CRFBeatDetector.2015 is an improved version of the
system introduced in [9]. It uses the same neural network
models as BK1 (Section 2.1) as well as the comb filter
tempo estimation introduced in [4].

2.3 BK3

The DBNBeatTracker.2015 is an improved version of the
system introduced in [3]. It uses the same neural network
models as BK1 (Section 2.1).

2.4 BK4

The DBNBeatTracker.2014v2 is the same as BK1 (Section
2.1), but with the same neural networks as last year’s sub-
mission.

2.5 BK5

The CRFBeatDetector.2014v2 is the same as BK2 (Section
2.2), but with the same neural networks as last year’s sub-
mission. Thus the results compared to last year show the
impact of the comb filter tempo method [4] compared to
the old autocorrelation based temp detection.

2.6 BK6

The MMBeatTracker.2014v2 is the same as BK3 (Section
2.3), but with the same neural networks as last year’s sub-
mission. Thus the results compared to last year show the
impact of the state space and transition model of [10].

2.7 SB6

The BeatTracker.2015 is an improved version of the system
introduced in [5] (assuming varying tempo). It uses the
same neural network models as BK1 (Section 2.1) as well
as the comb filter tempo estimation introduced in [4].

2.8 SB7

The BeatDetector.2015 is an improved version of the sys-
tem introduced in [5] (assuming constant tempo). It uses
the same neural network models as BK1 (Section 2.1) as
well as the comb filter tempo estimation introduced in [4].
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3. TEMPO ESTIMATION

3.1 SB8

The TempoDetector.2015 is an improved version of the sys-
tem introduced in [4], with newly trained networks, the
same as used for for the beat tracking algorithms BK1
through BK2 (Section 2.1, 2.2 and 2.3).

3.2 SB9

The ACFTempoDetector.2015 is the same as SB8 (Section
3.1), but uses the autocorrelation based tempo estimation
introduced in [5] to build the tempo histogram. This algo-
rithm is supposed to get inferior results than SB8 (Section
3.1) and included only to get comparative results on the
McKinney [11] dataset.

3.3 SB10

The DBNTempoDetector.2015 is the same as SB8 (Section
3.1), but uses the tempo states of the dynamic Bayesian
network of the BK1 system (Section 2.1) to build the tempo
histogram. This algorithm is supposed to get inferior re-
sults than SB8 (Section 3.1) and included only to get com-
parative results on the McKinney [11] dataset.
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